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models. Sankhyā, Ser. B, 58, 338–351. [331]

Bhimasankaram, P., Shah, K. R. & Saha Ray, R. (1998). On a singular partitioned linear
model and some associated reduced models. Journal of Combinatorics, Information
& System Sciences, 23, 415–421. [331]

Blom, G. (1976). When is the arithmetic mean BLUE? The American Statistician, 30,
40–42. [224]

Bloomfield, P. & Watson, G. S. (1975). The inefficiency of least squares. Biometrika,
62, 121–128. [238, 239, 240]

Bock, R. D. (2007). Rethinking Thurstone. In Factor Analysis at 100: Historical De-
velopments and Future Directions (R. Cudeck & R. C. MacCallum, eds.), Lawrence
Erlbaum, pp. 35–45. [viii]

Bouniakowsky, V. Y. (1859). Sur quelques inégalités concernant les intégrales ordinaires
et les intégrales aux différences finies. Mémoires de l’Académie Impériale des Sciences
de St.-Pétersbourg, Septième Série, 1, 1–18. [415]

Bring, J. (1996). Geometric approach to compare variables in a regression model. The
American Statistician, 50, 57–62. [183]

Bryant, P. (1984). Geometry, statistics, probability: variations on a common theme. The
American Statistician, 38, 38–48. [156, 183, 213]

Canner, P. L. (1969). Some curious results using minimum variance linear unbiased
estimators. The American Statistician, 23, 39–40. [263]

Carlson, D. (1986). What are Schur complements, anyway? Linear Algebra and its
Applications, 74, 257–275. [293]

Casella, G. (2008). Statistical Design. Springer. [vii, 188]



444 References

Cauchy, A.-L. (1821). Cours d’Analyse de l’École Royale Polytechnique, Première Partie:
Analyse Algébrique. Debure Frères, Paris. [Cf. pp. 360–377; reprinted in Œuvres
Complètes d’Augustin Cauchy, Seconde Série: Vol. 4, Gauthier-Villars, Paris, 1897].
[415]

Chatterjee, S. & Firat, A. (2007). Generating data with identical statistics but dissimilar
graphics. The American Statistician, 61, 248–254. [199]

Chatterjee, S. & Hadi, A. S. (1986). Influential observations, high leverage points, and
outliers in linear regression (with discussion). Statistical Science, 1, 379–416. [158]

Chatterjee, S. & Hadi, A. S. (1988). Sensitivity Analysis in Linear Regression. Wiley.
[158]

Chatterjee, S. & Hadi, A. S. (2006). Regression Analysis by Example, Fourth Ed. Wiley.
[ix]

Cheng, T.-k. (1984). Some Chinese Islamic “magic square” porcelain. In Studies in
Chinese Ceramics (T.-k. Cheng, ed.), The Chinese University Press, Hong Kong,
pp. 133–143. [First published in Journal of Asian Art, vol. 1, pp. 146–159.]. [55]

Chipman, J. S. (1964). On least squares with insufficient observations. Journal of the
American Statistical Association, 59, 1078–1111. [423]

Chipman, J. S. (1968). Specification problems in regression analysis. In Proceedings of
the Symposium on Theory and Application of Generalized Inverses of Matrices (T. L.
Boullion & P. L. Odell, eds.), Texas Tech. Press, pp. 114–176. [315]

Chipman, J. S. (1976). Estimation and aggregation in econometrics: an application of
the theory of generalized inverses. In Generalized Inverses and Applications (M. Z.
Nashed, ed.), Academic Press, pp. 549–769. [315]

Chipman, J. S. (1979). Efficiency of least squares estimation of linear trend when resid-
uals are autocorrelated. Econometrica, 47, 115–128. [241]

Chipman, J. S. (1997). “Proofs” and proofs of the Eckart–Young theorem (with an
Appendix by Heinz Neudecker). In Stochastic Processes and Functional Analysis. In
Celebration of M.M. Rao’s 65th Birthday (J. A. Goldstein, N. E. Gretsky & J. J.
Uhl Jr., eds.), Dekker, pp. 71–83. [401]

Chipman, J. S. (1998). The contributions of Ragnar Frisch to economics and econo-
metrics. In Econometrics and Economic Theory in the 20th Century: The Ragnar
Frisch Centennial Symposium (Oslo, 1995) (S. Strøm, ed.), Cambridge University
Press, pp. 58–108. [331]

Chipman, J. S. & Rao, M. M. (1964). Projections, generalized inverses and quadratic
forms. Journal of Mathematical Analysis and Applications, 9, 1–11. [156]

Christensen, R. (1990). Comment on Puntanen and Styan (1989) (Letter to the Editor).
The American Statistician, 44, 191–192. [39, 125]

Christensen, R. (2001). Advanced Linear Modeling: Multivariate, Time Series, and Spa-
tial Data; Nonparametric Regression and Response Surface Maximization, Second Ed.
Springer. [vii, 203, 206, 230, 231, 232, 234]

Christensen, R. (2002). Plane Answers to Complex Questions: The Theory of Linear
Models, Third Ed. Springer. [vii, 195, 212, 247, 255, 256]

Christensen, R., Pearson, L. M. & Johnson, W. (1992). Case-deletion diagnostics for
mixed models. Technometrics, 34, 38–45. [338]

Chu, K. L. (2004). Inequalities and equalities associated with ordinary least squares
and generalized least squares in partitioned linear models. Ph.D. Thesis, Dept. of
Mathematics & Statistics, McGill University, Montréal. [241]

Chu, K. L., Drury, S. W., Styan, G. P. H. & Trenkler, G. (2010). Magic generalized
inverses. Report 2010-02, Dept. of Mathematics & Statistics, McGill University,
Montréal. [In preparation]. [54, 355]

Chu, K. L., Isotalo, J., Puntanen, S. & Styan, G. P. H. (2004). On decomposing the
Watson efficiency of ordinary least squares in a partitioned weakly singular linear
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Sankhyā, 67, 74–89. [333, 384]

Chu, K. L., Isotalo, J., Puntanen, S. & Styan, G. P. H. (2007). The efficiency factorization
multiplier for the Watson efficiency in partitioned linear models: some examples and
a literature review. Journal of Statistical Planning and Inference, 137, 3336–3351.
[241, 263, 333]

Chu, K. L., Isotalo, J., Puntanen, S. & Styan, G. P. H. (2008). Inequalities and equalities
for the generalized efficiency function in orthogonally partitioned linear models. In
Inequalities and Applications (T. M. Rassias & D. Andrica, eds.), Cluj University
Press, pp. 13–69. [333]

Chu, K. L., Puntanen, S. & Styan, G. P. H. (2009). Some comments on philatelic Latin
squares from Pakistan. The Pakistan Journal of Statistics, 25, 427–471. [68]

Chu, K. L., Puntanen, S. & Styan, G. P. H. (2010). Rank, eigenvalues and Moore–
Penrose inverse of a special symmetric matrix associated with postage stamps: a new
problem proposed. Statistical Papers, 51, submitted. [390]

Chu, K. L., Puntanen, S. & Styan, G. P. H. (2011). Solution to Problem 1/SP09 “Inverse
and determinant of a special symmetric matrix” (Problem proposed by H. Neudecker,
G. Trenkler, and S. Liu). Statistical Papers, 52, 258–260. [263]

Chu, M. T., Funderlic, R. E. & Golub, G. H. (1995). A rank-one reduction formula and
its applications to matrix factorizations. SIAM Review, 37, 512–530. [304]

Colbourn, C. J. & Dinitz, J. H., eds. (2007). Handbook of Combinatorial Designs, Second
Ed. Chapman & Hall/CRC. [vii]

Cook, R. D. (1977). Detection of influential observations in linear regression. Techno-
metrics, 19, 15–18. [Additional correspondence, pp. 348–350]. [181]

Cook, R. D. (1996). Personal communication. (S. P.). [206]
Cook, R. D. (1998). Regression Graphics: Ideas for Studying Regression through Graph-

ics. Wiley. [199]
Cook, R. D. (2007). Fisher lecture: Dimension reduction in regression (with discussion).

Statistical Science, 22, 1–26. [199]
Cook, R. D. & Forzani, L. (2008). Principal fitted components for dimension reduction

in regression. Statistical Science, 23, 485–501. [199]
Cook, R. D., Li, B. & Chiaramonte, F. (2007). Dimension reduction in regression without

matrix inversion. Biometrika, 94, 569–584. [199]
Cook, R. D. & Weisberg, S. (1999). Applied Regression Including Computing and Graph-

ics. Wiley. [199]
Cottle, R. W. (1974). Manifestations of the Schur complement. Linear Algebra and its

Applications, 8, 189–211. See also Rendiconti del Seminario Matematico e Fisico di
Milano, 45 (1975), 31–40. [293]

Cronbach, L. J. (1951). Coefficient alpha and the internal structure of tests. Psychome-
trika, 16, 297–334. [422]

Cuadras, C. M. (1993). Interpreting an inequality in multiple regression. The American
Statistician, 47, 256–258. [309]

Cuadras, C. M. (1995). Increasing the correlations with the response variable may
not increase the coefficient of determination: a PCA interpretation. In Multivariate
Statistics and Matrices in Statistics: Proceedings of the 5th Tartu Conference, Tartu–
Pühajärve, Estonia, 23–28 May 1994 (E.-M. Tiit, T. Kollo & H. Niemi, eds.), TEV
& VSP, pp. 75–83. [309]

Das Gupta, S. (1971). Nonsingularity of the sample covariance matrix. Sankhyā, Ser. A,
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matrix used in linear estimation. Sankhyā, Ser. A, 37, 428–438. [Corrigendum (1978),
40, p. 399]. [264]

Halmos, P. R. (1951). Introduction to Hilbert Space and the Theory of Spectral Multi-
plicity. Chelsea Publishing Company. [156]

Halmos, P. R. (1958). Finite-Dimensional Vector Spaces, Second Ed. Van Nostrand.
Reprinted by Springer, 1974. [156]

Hamilton, D. (1987). Sometimes R2 > r2
yx1 + r2

yx2 . Correlated variables are not always
redundant. The American Statistician, 41, 129–132. [309]

Härdle, W. & Hlávka, Z. (2007). Multivariate Statistics: Exercises and Solutions.
Springer. [vii]

Hartwig, R. E. (1980). How to partially order regular elements. Mathematica Japonica,
25, 1–13. [315, 316]

Hartwig, R. E. & Spindelböck, K. (1984). Matrices for which A∗ and A† commute.
Linear and Multilinear Algebra, 14, 241–256. [112]

Hartwig, R. E. & Styan, G. P. H. (1986). On some characterizations of the “star” partial
ordering for matrices and rank subtractivity. Linear Algebra and its Applications, 82,
145–161. [316]

Harville, D. A. (1976). Extension of the Gauss–Markov theorem to include the estimation
of random effects. The Annals of Statistics, 4, 384–395. [273]

Harville, D. A. (1979). Some useful representations for constrained mixed-model esti-
mation. Journal of the American Statistical Association, 74, 200–206. [273]

Harville, D. A. (1990a). BLUP (best linear unbiased prediction) and beyond. In Ad-
vances in Statistical Methods for Genetic Improvement of Livestock (D. Gianola &
G. Hammond, eds.), Springer, pp. 239–276. [256]

Harville, D. A. (1990b). Comment on Puntanen and Styan (1989) (Letter to the Editor).
The American Statistician, 44, 192. [39, 125]

Harville, D. A. (1997). Matrix Algebra From a Statistician’s Perspective. Springer. [vii,
53, 87, 89, 280, 286, 288, 340, 358, 360, 398, 401]

Harville, D. A. (2001). Matrix Algebra: Exercises and Solutions. Springer. [vii]
Haslett, S. J. (1996). Updating linear models with dependent errors to include additional

data and/or parameters. Linear Algebra and its Applications, 237/238, 329–349. [337,
338]



450 References

Haslett, S. J. & Govindaraju, K. (2009). Cloning data: generating datasets with ex-
actly the same multiple linear regression fit. Australian & New Zealand Journal of
Statistics, 51, 499–503. [199]

Haslett, S. J. & Puntanen, S. (2010a). Effect of adding regressors on the equality of the
BLUEs under two linear models. Journal of Statistical Planning and Inference, 140,
104–110. [333, 337]

Haslett, S. J. & Puntanen, S. (2010b). Equality of BLUEs or BLUPs under two linear
models using stochastic restrictions. Statistical Papers, 51, 465–475. [256, 273, 275,
277]

Haslett, S. J. & Puntanen, S. (2010c). A note on the equality of the BLUPs for new ob-
servations under two linear models. Acta et Commentationes Universitatis Tartuensis
de Mathematica, 14, 27–33. [279, 280]

Haslett, S. J. & Puntanen, S. (2010d). On the equality of the BLUPs under two linear
mixed models. Metrika, available online. [256, 278, 279]

Hauke, J., Markiewicz, A. & Puntanen, S. (2011). Comparing the BLUEs under two
linear models. Communications in Statistics: Theory and Methods, 40, in press. [89,
266]

Hauke, J. & Pomianowska, J. (1987). Correlation relations in the light of the nonnegative
definiteness of a partitioned matrix (in Polish). Przegląd Statystyczny, 34, 219–224.
[307]

Hayes, K. & Haslett, J. (1999). Simplifying general least squares. The American Statis-
tician, 53, 376–381. [256, 338]

Haynsworth, E. V. (1968a). Determination of the inertia of a partitioned Hermitian
matrix. Linear Algebra and its Applications, 1, 73–81. [293, 294]

Haynsworth, E. V. (1968b). On the Schur complement. Basle Mathematical Notes,
#BMN 20, 17 pages. [293, 294]

Healy, M. J. R. (2000). Matrices for Statistics, Second Ed. Oxford University Press. [vii]
Henderson, C. R. (1950). Estimation of genetic parameters. The Annals of Mathematical

Statistics, 21, 309–310. [255, 273]
Henderson, C. R. (1963). Selection index and expected genetic advance. In Statistical

Genetics and Plant Breeding, National Academy of Sciences – National Research
Council Publication No. 982, pp. 141–163. [255, 273]

Henderson, C. R., Kempthorne, O., Searle, S. R. & von Krosigk, C. M. (1959). The
estimation of environmental and genetic trends from records subject to culling. Bio-
metrics, 15, 192–218. [255]

Henderson, H. V. & Searle, S. R. (1979). Vec and vech operators for matrices, with some
uses in Jacobians and multivariate statistics. The Canadian Journal of Statistics, 7,
65–81. [53]

Henderson, H. V. & Searle, S. R. (1981a). On deriving the inverse of a sum of matrices.
SIAM Review, 23, 53–60. [255, 293, 301]

Henderson, H. V. & Searle, S. R. (1981b). The vec-permutation matrix, the vec operator
and Kronecker products: a review. Linear and Multilinear Algebra, 9, 271–288. [53]

Herr, D. G. (1980). On the history of the use of geometry in the general linear model.
The American Statistician, 34, 43–47. [183]

Herzberg, A. M. & Aleong, J. (1985). Further conditions on the equivalence of ordinary
least squares and weighted least squares estimators with examples. In Contributions
to Probability and Statistics in Honour of Gunnar Blom (J. Lanke & G. Lindgren,
eds.), University of Lund, pp. 127–142. [241]

Hoaglin, D. C. & Welsch, R. E. (1978). The hat matrix in regression and ANOVA. The
American Statistician, 32, 17–22. [Corrigendum: 32 (1978), p. 146]. [158]

Hogben, L., ed. (2007). Handbook of Linear Algebra. Chapman & Hall/CRC. Associate
editors: Richard Brualdi, Anne Greenbaum and Roy Mathias. [vii]

Hogg, R. V. & Craig, A. T. (1958). On the decomposition of certain χ2 variables. The
Annals of Mathematical Statistics, 29, 608–610. [355]



References 451

de Hoog, F. R., Speed, T. P. & Williams, E. R. (1990). A matrix version of the Wielandt
inequality and its applications to statistics. Linear Algebra and its Applications, 127,
449–456. [323]

Horn, R. A. (1990). The Hadamard product. In Matrix Theory and Applications (C. R.
Johnson, ed.), American Mathematical Society, pp. 87–169. [vi]

Horn, R. A. & Johnson, C. R. (1990). Matrix Analysis. Cambridge University Press.
Corrected reprint of the 1985 original. [52, 358, 393]

Horn, R. A. & Olkin, I. (1996). When does A∗A = B∗B and why does one want to
know? The American Mathematical Monthly, 103, 470–482. [392, 393, 397]

Hotelling, H. (1933). Analysis of a complex statistical variables into principal compo-
nents. Journal of Educational Psychology, 24, 417–441, 498–520. [206]

Hotelling, H. (1934). Open letter (Reply to Horace Secrist). Journal of the American
Statistical Association, 29, 198–199. [200]

Householder, A. S. & Young, G. (1938). Matrix approximation and latent roots. The
American Mathematical Monthly, 45, 165–171. [400]

Hubert, L., Meulman, J. & Heiser, W. (2000). Two purposes for matrix factorization: a
historical appraisal. SIAM Review, 42, 68–82. [304, 401]

Ipsen, I. C. F. & Meyer, C. D. (1995). The angle between complementary subspaces.
The American Mathematical Monthly, 102, 904–911. [134]

Isotalo, J. (2007). Linear estimation and prediction in the general Gauss–Markov model.
Acta Universitatis Tamperensis Series A, 1242. Ph.D. Thesis, Dept. of Mathematics,
Statistics and Philosophy, University of Tampere. [ix, 241]

Isotalo, J., Möls, M. & Puntanen, S. (2006). Invariance of the BLUE under the linear
fixed and mixed effects models. Acta et Commentationes Universitatis Tartuensis de
Mathematica, 10, 69–76. [256]

Isotalo, J. & Puntanen, S. (2006a). Linear prediction sufficiency for new observations
in the general Gauss–Markov model. Communications in Statistics: Theory and
Methods, 35, 1011–1024. [247, 251, 252, 258, 259]

Isotalo, J. & Puntanen, S. (2006b). Linear sufficiency and completeness in the partitioned
linear model. Acta et Commentationes Universitatis Tartuensis de Mathematica, 10,
53–67. [266]

Isotalo, J. & Puntanen, S. (2009). A note on the equality of the OLSE and the BLUE
of the parametric function in the general Gauss–Markov model. Statistical Papers,
50, 185–193. [222]

Isotalo, J., Puntanen, S. & Styan, G. P. H. (2006). On the role of the constant term in
linear regression. In Festschrift for Tarmo Pukkila on his 60th Birthday (E. P. Liski,
J. Isotalo, J. Niemelä, S. Puntanen & G. P. H. Styan, eds.), Dept. of Mathematics,
Statistics and Philosophy, University of Tampere, pp. 243–259. [95]

Isotalo, J., Puntanen, S. & Styan, G. P. H. (2007). Effect of adding regressors on the
equality of the OLSE and BLUE. International Journal of Statistical Sciences, 6,
193–201. [337, 341]

Isotalo, J., Puntanen, S. & Styan, G. P. H. (2008a). The BLUE’s covariance matrix
revisited: a review. Journal of Statistical Planning and Inference, 138, 2722–2737.
[312, 368, 378, 384]

Isotalo, J., Puntanen, S. & Styan, G. P. H. (2008b). Decomposing matrices with Jerzy
K. Baksalary. Discussiones Mathematicae – Probability and Statistics, 28, 91–111.
[ix]

Isotalo, J., Puntanen, S. & Styan, G. P. H. (2008c). Formulas useful for linear regression
analysis and related matrix theory, fourth edition. Report A 384, Dept. of Mathe-
matics and Statistics, University of Tampere, Finland. [16]

Isotalo, J., Puntanen, S. & Styan, G. P. H. (2008d). A useful matrix decomposition and
its statistical applications in linear regression. Communications in Statistics: Theory
and Methods, 37, 1436–1457. [318, 419]



452 References

Isotalo, J., Puntanen, S. & Styan, G. P. H. (2009). Some comments on the Watson
efficiency of the ordinary least squares estimator under the Gauss–Markov model.
Calcutta Statistical Association Bulletin, 61, 1–15. (Proceedings of the Sixth Interna-
tional Triennial Calcutta Symposium on Probability and Statistics, 29–31 December,
2006, N. Mukhopadhyay and M. Pal, eds.). [333]

Ito, K. & Kunisch, K. (2008). Lagrange Multiplier Approach to Variational Problems
and Applications. Society for Industrial and Applied Mathematics (SIAM). [vi]

Izenman, A. J. (2008). Modern Multivariate Statistical Techniques: Regression, Classi-
fication, and Manifold Learning. Springer. [413]

Jaeger, A. & Krämer, W. (1998). A final twist on the equality of OLS and GLS. Statistical
Papers, 39, 321–324. [265]

Jensen, B. C. & McDonald, J. B. (1976). A pedagogigal example of heteroskedasticity
and autocorrelation. The American Statistician, 30, 192–193. [261]

Jensen, S. T. (1999). The Laguerre–Samuelson inequality with extensions and applica-
tions in statistics and matrix theory. MSc Thesis, Dept. of Mathematics & Statistics,
McGill University, Montréal. [420]

Jensen, S. T. & Styan, G. P. H. (1999). Some comments and a bibliography on the
Laguerre–Samuelson inequality with extensions and applications in statistics and ma-
trix theory. In Analytic and Geometric Inequalities and Applications (T. M. Rassias
& H. M. Srivastava, eds.), Kluwer, pp. 151–181. [420]

Jewell, N. P. & Bloomfield, P. (1983). Canonical correlations of past and future for time
series: definitions and theory. The Annals of Statistics, 11, 837–847. [387]

Jiang, J. (1997). A derivation of BLUP – best linear unbiased predictor. Statistics &
Probability Letters, 32, 321–324. [256]

Jiang, J. (2007). Linear and Generalized Linear Mixed Models and Their Applications.
Springer. [256]

Johnson, R. A. & Wichern, D. W. (2007). Applied Multivariate Statistical Analysis, 6th
Ed. Pearson Prentice Hall. [132]

Jolliffe, I. T. (2002). Principal Component Analysis, Second Ed. Springer. [203]
Kala, R. (1981). Projectors and linear estimation in general linear models. Communi-

cations in Statistics: Theory and Methods, 10, 849–873. [89, 139, 156, 271]
Kala, R. (2008). On commutativity of projectors. Discussiones Mathematicae – Proba-

bility and Statistics, 28, 157–165. [156]
Kala, R. (2009). On nested block designs geometry. Statistical Papers, 50, 805–815.

[190]
Kala, R. & Pordzik, P. (2006). Two local operators and the BLUE. Linear Algebra and

its Applications, 417, 134–139. [156]
Kala, R. & Pordzik, P. (2009). Estimation in singular partitioned, reduced or trans-

formed linear models. Statistical Papers, 50, 633–638. [331]
Kanto, A. J. & Puntanen, S. (1983). A connection between the partial correlation

coefficient and the correlation coefficient of certain residuals. Communications in
Statistics: Simulation and Computation, 12, 639–641. [179]

Kanto, A. J. & Puntanen, S. (1985). An interesting feature of the partial correlation
coefficient. In Posters: Fourth International Symposium on Data Analysis and In-
formatics, Edition Provisoire (Versailles 1985), Editeur, Centre de Rocquencourt,
Centre de Rennes and Centre de Sophia-Antipolis, INRIA, Versailles, pp. 105–108.
[179]

Kantorovich, L. V. (1948). Funkcional’nyi analiz i prikladnaya matematika (in Russian).
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models. Sankhyā, Ser. A, 45, 301–312. [334, 342]

Mathew, T. & Bhimasankaram, P. (1983b). On the robustness of the LRT with respect
to specification errors in a linear model. Sankhyā, Ser. A, 45, 212–225. [342]
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Rao, C. R. & Rao, M. B. (1998). Matrix Algebra and Its Applications to Statistics and
Econometrics. World Scientific. [vii, 86, 123, 389, 410, 411]

Rao, C. R., Toutenburg, H., Shalabh & Heumann, C. (2008). Linear Models and Gen-
eralizations: Least Squares and Alternatives, Third Ed. Springer. With contributions
by Michael Schomaker. [vii, 273]

Rao, C. R. & Yanai, H. (1979). General definition and decomposition of projectors
and some applications to statistical problems. Journal of Statistical Planning and
Inference, 3, 1–17. [156]

Rao, C. R. & Yanai, H. (1985a). Generalized inverse of linear transformations: a geo-
metric approach. Linear Algebra and its Applications, 66, 87–98. [114]

Rao, C. R. & Yanai, H. (1985b). Generalized inverses of partitioned matrices useful in
statistical applications. Linear Algebra and its Applications, 70, 105–113. [264]

Raveh, A. (1985). On the use of the inverse of the correlation matrix in multivariate
data analysis. The American Statistician, 39, 39–42. [172]

Rencher, A. C. & Schaalje, G. B. (2008). Linear Models in Statistics, Second Ed. Wiley.
[vii]

Robinson, G. K. (1991). That BLUP is a good thing: the estimation of random effects
(with discussion on pp. 32–51). Statistical Science, 6, 15–51. [255, 256]

Rong, J.-Y. & Liu, X.-Q. (2010). On misspecification of the dispersion matrix in mixed
linear models. Statistical Papers, 51, 445–453. [278]

Ryan, T. P. (2009). Modern Regression Methods, Second Ed. Wiley. [vii, 199]
Samuelson, P. A. (1968). How deviant can you be? Journal of the American Statistical

Association, 63, 1522–1525. [414, 420]
Satorra, A. & Neudecker, H. (2003). A matrix equality useful in goodness-of-fit testing

of structural equation models. Journal of Statistical Planning and Inference, 114,
63–80. [323]

Schall, R. & Dunne, T. T. (1988). A unified approach to outliers in the general linear
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